Learning curve extrapolation techniques across
extrapolation settings
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In a nutshell: Learning curve extrapolation techniques . :
. 5 . P q . RQ1: How do the methods perform when we pick an arbitrary
perform different depending on the problem setting (size of . . . . .
that is alread ored diction t t etc) curve size and an arbitrary dataset size? (various classifiers)
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RQ2: How do the methods perform across various learning
curve sizes? : :
RQ3: How do the methods perform across various learning
Target anchor: 4096 0. curve sizes and target sizes?
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